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An Empirical Study on Credit Risk Assessment in Supply
Chain Finance Based on Big Data

ZHOU Lei®  LAI Shumou®  FU Yugi®
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Suzhou Vocational University Suzhou Jiangsu 215104 China)

Abstract: The application of big data in supply chain finance has driven a major change in the supply chain
credit assessment mode and risk management methodology. By combining the cutting — edge big data credit technol-
ogy with the scorecard method we measure the credit risk of supply chain finance by taking the whole vehicle manu-
facturing supply chains as the scenario. Firstly with the help of Python relevant data were obtained from the
“Qichacha” API and Wind database data mining WOE coding and variable screening were carried out for 122 sup-
ply chain multidimensional indicators of 27 core enterprises to construct an indicator system. Then using big data
and Al modeling technologies a logistic regression model covering 14 characteristic explanatory variables is estab—
lished and multiple tools are used to train and improve the model to form a logistic scorecard that can be used in
practice. After empirical testing the finalized credit assessment model has strong differentiation ability and can reach
96.77% risk prediction accuracy. The logistic scorecard based on big data digitizes the supply chain credit rating
which is more practical compared to the traditional credit rating so the use of big data is of great value to improve
the credit risk assessment and management of supply chain finance.

Key words: Big data; Supply chain finance; Credit risk; Logistic scorecard



