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Financial Time Series Prediction: A Literature Review and Prospect

YAN Hongju' *
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Abstract: Financial time series data has complex characteristics such as non — linear non — stationary and high
noise. With the rapid development of mobile internet and artificial intelligence massive structured and unstructured
data are constantly generated and the relation among them is increasingly complex. So it is very important to build
a scientific and reasonable financial time series data prediction model and fully mine the important information hid-
den in the financial time series data. Compared with econometric model and machine learning deep learning algo—
rithm which has achieved great success in image recognition self — driving natural language and many other fields
of artificial intelligence is more suitable for financial time series data prediction under the background of big data
and artificial intelligence.
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