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Research on the Historical Similarity of the Tendency in Chinese Stock Market

YANG Zhen*  ZHANG Xiaoying"  LIANG Yiping® ZHU Hong"
(‘a. School of Finance; b. School of Mathematics and Information Science

Jiangxi Normal University Nanchang Jiangxi 330022 China)

Abstract: We calculate the volatility of stock market returns based on the share index; it is the key indicators
of time series data study in the field of finance also the decision basis of the asset allocation and the national policy
making. It has research significance to research on historical similarities of fluctuation of stock index by model it
can check whether the current China’ s stock market gradually meet half strong type effective market. The research
finds that Shanghai composite index has the similarity in form between January 2005 to October 2010 and January
2014 to March 2016 but the index fluctuation data of autoregressive conditional heteroscedasticity do not have sig—
nificant difference. It means that the dependence of the stock index volatility to the preceding period is less; the ef-
fectiveness of the prediction is reduced than before; and it has no historical similarities. It shows that Chinese stock
market has gradually met the characteristics of the half strong type effective market; and the effectiveness of techni—
cal analysis will be significantly reduced. In the long term value investment will be more effective than trend analy—
sis.

Key words: Shanghai composite index; GARCH model; ARCH model; volatility; time series; trend analysis
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